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Overview of swarm intelligence methods for unmanned aerial
vehicle systems based on new-generation
information technology
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Engineering , Changchun University of Finance and Economics , Changchun 130122, China)

Abstract: Based on the application scenarios of swarm intelligence in the field of UA Vs, the application of
swarm intelligence methods in the field of UAVs was reviewed. First, the recent application status of
UAVs was reviewed, and the principles of swarm intelligence algorithms and examples of UAV
applications were introduced. Second, the application scenarios of swarm intelligence in UAVs were
divided into four parts: swarm intelligence-based UAV wireless communication, swarm intelligence—based
UAV ad hoc network, swarm intelligence~based UAV trajectory planning, and swarm intelligence—based
UAYV intelligent decision—-making. The progress of relevant research work for each part is introduced
separately. Finally, a briel discussion is conducted on the development trend of swarm intelligence for
UAVs.
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Fig. 1 General framework of the swarm

intelligence algorithms
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Fig.2 An example of the swarm intelligence algorithm for solving UAV optimization problem
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Fig.3 Wireless data transfer
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